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Foreword 
 
This book complements the theoretical content of established data mining and 
machine learning textbooks commonly used in academic settings. It is 
intended for students with limited background or experience in data analytics 
who aim to pursue a career in this field.  
 
Accordingly, it reviews the methods most frequently used by data mining 
professionals and provides an overview of the essential elements of a data 
mining project, as defined by the CRISP-DM framework. These elements are 
presented within an organisational context to help readers develop realistic 
expectations regarding professional development, as well as to better 
understand the challenges and responsibilities of working as part of an 
analytical team. 
 
The book is primarily targeted at students enrolled in the principles of Data 
Mining course within the Applied Data Analytics master’s programme at the 
Bucharest University of Economic Studies. 
 
Its purpose and scope are guided by the following objectives: 
- To provide an intuitive understanding of key data mining and analytics 
concepts; 
- To emphasise the practical implementation of data mining methods through 
hands-on examples; 
- To offer a realistic perspective on the working environment in data analytics, 
data mining, and machine learning; 
- To explain and promote the use of ensemble methods as advanced 
techniques capable of delivering predictive performance comparable to other 
state-of-the-art approaches (e.g., deep learning algorithms). 
 
In addition, the book places particular emphasis on ensemble methods, an 
area that is often under-represented in introductory textbooks. Its applied 
orientation is supported by accompanying scripts and use cases, which 
illustrate the concrete steps involved in conducting a data mining project, as 
well as specific considerations related to the use of ensemble techniques for 
predictive analysis. 
 
The author’s aim is to present material grounded in practical experience 
gained in multinational environments, offering examples and explanations 
that closely reflect real-world scenarios. The book also includes hands-on 
introductions to both R and Python, with most examples featuring commented 
code and outputs to facilitate a deeper understanding of the techniques 
discussed. Finally, it provides exercises focused on practical applications to 
reinforce the comprehension of the theoretical concepts presented. 
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